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Dempster-Shafer( DS)iiE M 3 ik A A § _h tL A 
A Aft DempsterAJI7 7ilft$il4WM^ [1], 
AAAX7A, T«. AtM^B-t+Aft Shaferffl 

TMMMtf Ti£#, 6'JA 
7 “ffi M W WL A ii it” [2] . Dempster A X 7 M A 
fKj DempsterilE S A M it 7 W H $ A 

M&Z— BP^iffS life, HifcAWAffSSMit. 



AIH7B LA I Aft DSffifgfiit® A AAAI? 

mm pi, : mmj & 

A SmetsJI A 7 St A & M M M £ fa A ft M ft ii 

fjL7g(Transferable Belief Model, TBM) [4], A)Bt7 

AASAfiMMajA 

ftiDSmT mtem [5]. 

Wtf [6]. Tell AAitt^ESOAftiLlsAAM 

[7,8], 
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MAHAJAIWAfiE AMiAJgfATMA^JlJI, Aft 



3 

JMJt (BBAAhSA iMJKit#) ,2) iiEigl&AA 



’ ■> iisujm mm c^iima. ,3) ajg&m 



jAffl [13-15]. A g tMI/litai'k [9]#MJ^AfeM 

AAAAXMffiM-AM#7 mm, &MSIi¥ 
ft#MffiS$r&Mi4«a; A A, AM AM A# 
AW# A AHA m^MTAMA. g§A-i2ffi 

atfTOraf*- -AWfi^jm sb#aawm 
A ftitATMU. 

2 vEMMibU^: 



mR»MJgai£A:t*AWftt, MA 

mnmmit'Amm&mf'A. a- 

jAAiffiRMeW-AAit. A(i)Af&A [2,9], MJ 
#m : 2 e -> [0, 1] ABA WSAJsS^JIXBasic Belief 
Assignment, BBA), A A AmassllJA 

m(0) = °, TO ( j4 ) = 1 (1) 

2 e ^A0W^PJfc(powerset), IPBEJtA AJ fcMftMhSc W^fc 



r. #f£®fc (Be/) MHiA 



B <^) = £„c, 

«M = E, 



life (B/) AAA [2,9]: 
m(B),\/A C B (2) 



•^Bn.4/0 

A$$lRfI^B + nT^l^'ff 

SEfB][Be/(A),P/(A)]M^fiB^M^^BTi^l4W 

mm ip, 

A^l AA(Uncertainty). iiEJgaifc 'I 3 Wm(0) £ [0,1], 

iPAilWmassKJIJMAMAJiRACAMlit). Sltbffi 
tt»&a, ahwis^&a, ipp(b) = i. 

3! ADempsterM MJ [2, 9] AT 3j(£ ffx. A HE fci, 



MA 



to(A) = 



0, A = i 



mi(Ai)m2(Bj) 



AM 1 A' = E AiOB^* m l ( vl >') m 2 (Bj ) A ^ Jl. ^A 
tJE M Ml A BM, DempsterEJl Ml ffll A £h o' W f I P A J& #, 
MMJAlAIMJiAJIMtW AM M. MMJ 



WWH # A Dempster- Shafer Ml A M MJ. P7 A 
31 MJ UDempsterji 5te 34 A $§ A W, )H 5$j fit) A M M 
ADempsteAlAMMJ, &ll2llfflP7±ffiM3W#M 2 . 



(BBAMWW£f&) , 4) itEJgifA (iiE®£E^) 

3.1 

3.1.1 

SAffiJgai'&iiA Al$A#^AMa, tf5fc^ 

ft¥ A A M A '14 ft J§> fit) 4S A Ir] M, ip mass ll ft(BBA) A 
hJciggl.BBAAMAtir MMilfII®IM^m(llfjl3ft) [9], 

it #i ft m, ( & - n m * $ a $s ^ im $ £ — A * ts 
JSMi&M S) MMEMA. A 

BBAAiMJ±AA#JAMI 
^'KJffl^.Selzer [16]ftJg @ 

$£$BBA. Shafer [2] f $ A Mt if ilE M $t ?XBBA. 
Bi [ni^Alt^^^^l'nlM^itTH^TUiaBBA. 
Valente^A [18]ft)(4^WiRMJ IrU®, *AjHMMti£i+ 
T AjtBBAW^#Af£. AK [19] + , fOMJltfJc-M 
«A£51BBAWM. [20] 

AAaBBA^m. [21]il 
Ei7SA[e]ftA@Wt#SiJffim WJftilBBApijA 
fe. A [22]$7E[B]frai'&fnASA]tBBA. 

Dezert^ A f 0 MJ ffi M a At W {S Jit PX. W A Ell & ‘14 14 
MU, [23]. [24]^ 

{f^S,^n[A^la^ (MRF) , AitBBA^ASftffi 

mm. mmim 

itBBA. M## [26]ffi[P]i4mi'R]Mitilli]7*A 

ff®3,4:nTAJiMP^BBAAj^fPj ; iaAi'i. fipua 
# [27]lf A'lliSHtfalj+^iJMSlJ I’PJMiSif TbbaApS, 
Ali. 

•fefcHilT- -®— J^'l+WaMJAfe. ^PBoudraa^ 
[28 ] n Florea^? [29]S7^JSS WBBAApSc A?i> # 

mim [30] w*f xmmi w 

ic S B, BBA+^®^®ftS+J 

MJ [bJHAJI A #MJ^*f»A&JSi£ 

3.1.2 vEmi&i^ifW^f^LT&M. 

DemspterMl A M MJ ^ fi M &J ~ A Wi ^ vE JU MJ 

AHMA'Jlig“IHA®'j:A , [p]IS. ilAie @ 



rife S , JafKii'J 



/±i. AUf 



iRJi^AnA7i:K, MJAttP^^7i:f[ @ A2" - iM\ 




a si mta 
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tE2O#7u3S01)#iRig^Ajf!j, ffr A AT fg # 7C if g 
01. 048576 * 10 7 . iIESi5fi;#if flff 
#A: T&iftAM#®MO!AAABBAi£# (m> - 
'ft 51 ta # SB MO A ffi, Kennes [31]J1 7 
7 Dempster® MO (S ~ ff>ffifl¥vA. Barnett [3]0tHff 
(ilSShafer^M^4fcit#^S[32]-&^^5Iia^^ 
£Kj if 7. Moral# [33]S 7Monte-Carlo A if $ fl iJE St 
IEL#. Wickramarathne [34]]*§#3|:7Monte-CarlofAA 
if A#AiA #flitE#g ffi# W if if if %. 

ffiSial&51li!^W^Xfg ^rUf, Voorbraak [35]## 
7 AfrJff Wlif . Tessem [36]it 7 7 A# 0#' - 1 - xjj 
ft. Grabisch [37] J| If 7 ^ f 0 A ft ifEBBAfP A #, — 

mms (Mtfif, «) un 

if BBA. Burger# [38]S50Pignistic & W A A, 

S. fl i Al ff fc-additi ve BBA. Denoeux [39]$!# 7 MIX if 
^^ftjf^flBBAlf M5£iKfPfbM5£i!l Dezert# 
A [40] $| tb 7 M ft if mass# MS fit) A ft $ flBBAifi; # 
(MSrT®) - #1105^ [41]57^#fljfflffi]g£g^ 
[f ffff AA^iliBBAfr#. 

3.2 

3.2.1 

S 1970# if Zadeh [42]Xf 7 if M if if 01MSSEF 
7 Ir] H - — # M A A A A fl® H z§ fl Dempster®! MO 

M,#5O#A»fift^Bt01ftAft#fiAX 0 

mm m c # so ^ 

ft^01#fiAA) 3 ft- -^7AiA0, AMftll* 

s 7ffiimw«M#®M0, f 

iilEMfiA, I(7±, 5gif±g#fi [43-45]. M 
A K W 5i, i# #7#® if Dempster® MO ft £ 

ikif, ft###AA01If7#'lf. 

its#®#*- -mm, 

£PSmets£tli]7imittMA [4], 

*PJ§#A [46]aAif7A7««fflA##Aft. 

A5£AftftfPM7ffi#AiiESili4 #Aft. AftlS 
#01IifAfOffl^0*#M#AA£fA7ffiig01 

MM# [47]. #fXA#AWlif 7*7fiAiiA 

[48]. A, 

ilEM#Affi. fflAW^Iif 011^1### [49,50]. 

mii0Aa#®MOWA, ^MiASOMiiEiglf 

01AA, 0 0X5 ®M0 01 ft iAiiif #1® if Dempster®! liy 



A:t0l3£fA# , ^###if AifM. ^P7±, 
if a^A#AiA^«#7a5il#AWffi^if if 
BflfAM^J£^#OH#7l&#®MOA7#a. 

3.2.2 &#ffi|g®Ffti£JiS 

Dempster® MO A M Oik X>f If 01, A 7 K # #f il A 
3 m MR iR f P if 0 ffi ig 01 MP if. #: if if (conditioning)# 
MMAMXfSAl. M#«rt01IHfif 

A ASirlAM. fAS#:# tS#AfA Bayes# A# 

a g ffl m a s . m a if m a if ti m if a §? m it m 

fiJAHf, iaft&ftik lAAMir-Affi^iftcfTS 
A [9, 51], is @ III 57'S#7 A Ail ^ ' fii] 

^#if Affi^MiTAfe. 

its : Dempster#: if ® MO ATBMil S [41 ft % ® A ^ 

tt u t m ® m m ir . 

Jeffrey#: if ® MO [52]^ A §T SO ffi Si if A 7 5$S A 'If 
SAitif T$®#f DuboisfnPrade [53]AiESi 

a if » s ir if # A r 7 Jeffrey#: if ® MO, £ 

m 7 Amass m m r if & m m ^ s i?. if in $s # 7 

OS, ilMA^if®M0A^51ffi^Mir [54]. ichi- 
hashifPTanaka [55], Wagner [56] If ASmets# [57] JD, 
Si r 7 Jeffrey® MO. # tl 05 # A [58] A A 7 §T «J #: 
if BBA, ASAlfS^flf I^Jeffery®MOMir. 

f.fBtFA r.ii^i'fijjt rrofsuf -A^ifitsa 
sK #:if BB A, m JS M ir SO A ^Jeffrey® MO ^ 

fiffiogsir. 

MAMeMtnJl, SJit7nT5iSi^flWMir® 
MO [59]. ASK [60] m PPAffi]g#0rAA0^^if ffiigit 

fSrSiliSItA iffc^if, AiAfSA-fOltriAA [51]. 

3.2.3 

if ® Dempster® MO A, # t& # ffi ^ 0 MY ® A 35 

A. A35A'lf W^AAA/AM7il®Aaftf. A A, MA 
i(7#lJtDempster®M0AM±^ -#fA“lR”®M0. AA 
BSfflJU&a, ffiig##fflA7M735A«^FHl^5s 
n [9]. 

iffifWiR. n'fr, AA^Pfif UMAtUSA#, 5P 
7M##ffiigffiAif#;A, iPIMAS^JZ^'lflfc^Aif 
®fn. SM# Afflf 57 A Wit.I A AAA^Pfif ft. 

A- Xf 

## [61,62]. AAAIf5S®7tP#ffiA (sKffi 
Afis # bj w ) «iiria#®M0 [63, 64], tmj- 

^d'TciiiSMOfiiKLeast Commitment Principle)A^iS 

'R(cautious)##®MO#. 
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3.3 iiE^/^IIW^iS® 

3.3.1 BBAS»$fMAM 

SAffiMAAMMMAJA ransg^ 
MAAMS# fiA^AA^massPItMA^llJA-AA' 

m. 

M % $ A W m $ f# & A ft HP % S me ts 0f J| A 

fKjPignisticflS^^ ^ [4]. Tit? AW mass® {135 

A 7 A A A SB «J M. Sudano^ [65]$ A A A ft ft 
M-^MMIfc{l:A7— J&MftlWi WMfe. 

CuzzolintpA [66]ifc#7 fftAfA AsBlfEA, it 
o'HAW AS£A^'K^AmassPt{fiA.#-Afg / fi > itt 
Dezerttr [5] Bt f J A ^ A ^ tjmasstt 
it W ft ,1 $ it 7 DSmPff Jfc A ft. XDezertf P $£ {1 

# [40]MA7M^AWitTO^Afe. 

^7#BBA$tmM«AAA, MM* AM 
aafcffifr&^ftj^rft, #je [67]. 

3.4 

WAiiESHf WW A XS77 A. AS& A® 
S, MAIA MAAifM. AAMMAfU 
X5ll AfimWAiiMTT#.!/! [9,30,68]. 

MAAMeMAMA#^ [ 49 ]. 

3.4.1 

[69] A A {fi A bba i'h] [ ft ft JAIA £M 

m, frm, hknm. 

AAAAWAAM^. 

S-IAililtSSyMII (MA. 



BPA1 



fcA(A^A)«']A fi 



-i£]®lE iSj J < — ■ feA(A4M 4AAA A 

f AA ^. 4 ^ t 

3£#3i* BPA2 ^ ftA(^,] : I^)»JA£2 

SI 1 iJEJjsSESaAAS^A 



1993A,Tessemtr$ Apignistic{i| $ tot 7 pignisticffl; 

[36]®37Mffltm, AAAMAAMif 

IfJT&WAAittim Bauertfe#7^iK^Ij7 [70]. 

PignisticAMffA XS^M/SA, ISA* A AM 
axaax««ma [7i]. 

mMAA7MA^ [72]. *$L^$ADSmP|K 
^iMAAAMAII [73]. 



$— , JlJicSAffiSliBffcAA. Cuzzolintr A# 
M^AAMSitWAfAi?# [74]. £AM±, 
Jousselmetr AAX7 JousselmeA^AHi®] [75]: 

dj(mi,m 2 ) = \J ^( m i - m 2 )D(mi - m 2 ) ( 5 ) 

A AdA - A 2 n X 2 "^ A IA, nA $ A m ^ A 

171 . DA fft A IRdA A A = d{b,c) = 
|snq/|suq. Still MM A, AM® 
A. 20 1 3 AJousselmetr A [76J IA Rjj 7 JaccardXISSft A 
A' 17 , AM Ai 77 JoussehneA^AAA WA?Si, ?i»fA 
MM. SAffiM 

Tkjiftmm, xmm amxaaamawax 

[44] All A JousselmeiiE A M A X 7 ffi M ft I'S (ft A i&. 
&, A A A A $ IX S # A # A A ffi $}. Liu [78] AJ 
A Pignistic{fE ^ A ?S[ ADempster A Aft 3 
—A A, A^MMMMft 3 ^. Ristic^ [79] All 

AMMMtbm]! 5gAMM7 *AMXiiA 

{f MW S MMAIX Zouhal [80]$ABBA>M 
WpignisticMMAA7MMMMa, WMil* 
7ffiSi^-i7t|5 MfitM- Schubert [81]tpAMI 

Florea^ [82] A $ A ffi M A & j® A ft Jt M W A* tt, 

AAOTftta. mmm [83]tyAffiMA^AA 
7ffi«AM, iAA Aipyxii^AA. m^mx [84] $ 

ximzmm&r s«gs 

A S A Jousselme A i#i A A M A IS ffl A A til it A A 
AAMBBAWAiKit# [41]. 

4 TiE|gaife^aMmH@^«¥^ 

4.1 

iP^I A Am 

S^AAAiiW?^. f 0 itAA^AXtm«Affiyg 

4.1.1 

AAAH Si M [87~9i] AfE A, BBAAiiA- 
A4HWAEm««, SPAbba]XAAA7^A 
AAPtEMA w. tmm^. 

mi: i^e = { 01 , 02 As}, 4 AAA*JAAWbbaA 
m({0i}) = 0.2, m({0 2 }) = 0.3, m({0 3 }) = 0.5. 

AAitoTW* 

P({0i}) = 0.2, P({0 2 }) = 0.3, P({0 3 }) = 0.5. 
P(.)7m(.)f St? mm "Tty Aina 
[85,86], A{#P({01,02» = P({0i}) + P({0 2 }) = 0.5. 

^RtfMHA^MMASyAJnftA 




DS £ f°1 MM-H 
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P({0}) = p({0i}) + p({0 2 }) + p({0 3 }) = 1.0. 

m(.)Ji£0W3Mt±!Q- l^{0i}), { 82 }, {0 3 }:t 

m({0i,0 2 }) = 0 A m({0i}) + m({(9 2 }) = 0.5 

TO ({0}) = 0 7^ m({6»i}) + to({ 0 2 }) + m({0 3 }) = 1.0 




P(0) = 1 m({ 

m 2 BBA 




0, u 0 2 }) = 0 m({O y } ) + m{{0 2 }) = 0.5 

5«E¥ME»J 



£P®2, 

M nT iP % 1 W M, H W #. ^BBA-fe a 

ff Bayesian ilE® S ffc [92], 

^(Imprecise Probability) [93]ffl}f {ftSStlStf fc-PjAfU. 

c±, r»Mim amaffiM-aa 
wrtSEfH }[Bei(A),pi(A)}. wmMw&, Tfmmm 
$S^AS)ffiM^5r, 
am [94], 

$? rife^iiasii aft ft s^Sfy - [95]. 

4.1.2 DempsterijESSi 

+ [88,91]#|3nnn^5jaa#W 

i£ J&, Aimass g Wi % #. At A! X W (“ lift” % HE$), 

DempsteriRaa^ifcilffcAjBayesa^. Ji:jC{iPltka? 
ir]2: if w $ a § fr fRMO irI m, at t & w fft @ 

fgA : P15 &B : J10 jAIg g }* MiSaiHAM 
Ai0 = {A, B}. S«a®i£IMJ M g UW<£% e. 
fl/S$MfimF150^5fe^m$Aj6O%(P(A) = 

0.6). m a n & & m & m # {iep, gp(e\a) = 

0.8, P(E\B) = 0.2, 'KigBayesfTX 

{ P(A\E) = P(E\A) ■ P(A)/[P(E\A) ■ P(A) + P(E\B) ■ P(B)] 
= 0.8 ■ 0.6/[0.8 ■ 0.6 + 0.2 ■ 0.4] = 0.86 
P(B\E) = P{E\B ) ■ P(B)/[P(E\B) ■ P{B) + P{E\B) ■ P(B)] 
= 0.2 ■ 0.4/ [0.8 ■ 0.6 + 0.2 ■ 0.4] = 0.14 

£Pllffl#.itBBA*®i£±)£iiEig, rT#: 
m\{A) = 0.6,mi(P) = 0.4, m 2 (A) = 0.8,toi(B) = 0.2; 

3£/pDempster£lfffJiroj,mi2 = mi ® m 2 AT#: 

mi 2 (A) = 0.86, m\ 2 (B) = 0.14 

® lit, i&. a AT [ji, ri ®T IfjDempsterfJS JHO -% Bayes & 



-m. MMaMMwain 

K. l‘5feDempsterAMA c f , #aa'^^iiE MW#0A 

marram 

a mmu m a mn m - a t mmi& 

i£BPP(P|A) + P{E\B) = 1.0, M&WBayes&^5fei£ 

jay# 

mb, UvEmm^iaffix^mBAm^m- -w 
iAfR. + mm a mm ^ ^ bba® rs . 

fhfh, inmBrj£, #-^BBAff#(l^, Hitkijiffi 
M 0'JDempstert&'B'fA!i! l JiirA A/Bayes fT AiiAM^. 

@fbBayesffjfaa : DempsterifL'a-fEIJ!lJ0 / (]fA'(f!j. 

m±, 

m. as 

^nM3 

$'J3: tSp^m— fffrsa^A'fera^ana). 4a 

iraasiJAiP^Ps^s^rC^^a^iilfa), 4ti 
3fffSlJAlP2,P4,P6,P8(^#±fSl^lfrA). i^Pl = 
( Ci ,7 = 1,3, 5, 7} (Wilil^), p 2 = {Ci,i = 2 , 4, 6, 8} 
(fifc^i^-), Pi fnP 2 aiAAj^Mffaififi^xiiaii^# 
tSl^Wc %^3\b 8 , c Aj#afiJP 8 - fJHAIi 

^*0 = {C,C}, if#^0ffra3a#5iJP8 0^at^. 

bba^pT 

e f m 1 (C) = P(P 8 |P 1 ) =0/4 = 0 
1 ' \ m 1 (C) = l-P(P(P 8 |Pi)) = l 

^ f m 2 (C) = P(P 8 |P 2 ) = l/4 
2 ' 1 m 2 (C) = 1 - P(P(P 8 1 Pi ) ) = 3/4 
SDempsterfJMJaf#m 12 (C) = 0 ,TOi 2 (C) = 1 
M*fAW^a#5'JP 8 W W*P(P 8 |Pi U P 2 ) = 

1/8. -a. gaaririj^atoDsiiE 

4.2 ffifi)i|i^^£S5KSSW^jK 

to Itr fff fli, iff % >J f0 DempsterM filj ii tf !§. 

aw, aaii^axiis^j^a. Wff^gsug 

(fij4: SPiR»A/0 = {01,02,03}, ff±SACT{iPT 

MaBBA [96]: 

m 1 ({0 1 }) = a,mi({0i,0 2 }) = 1 - a 

«4 2 ({0i, 0 2 }) = &i,m 2 ({ 0 3 }) = 1 - 61 - 6 2 ,m 2 ( 0 ) = b- 2 
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M 

SDempsterffl 7 A Si, AT # A % I = 
m 12 (0) = l-b 1 -b 2 (AM^JfflftBBA 
m 12 ({0{\) = a = mi({6»i}), 
mi 2 ({0i,0 2 }) = 1 - a = mi({0i,0 2 }) = 7- 
R&K > 0, = m i(.). 3A#W 

f£(m(0) = 1). 3S 

m $ & 7 ^ w w % % m k. & m ig. bj tf ms, 

tenmmfc 0* 

AififAffiflS [96], 367DempsterMJWJittff iTjSIEL'pi' 

4.3 uEfflE3g5iiE£;i|i£ft£]g 

St, #£7A7«SEM^M/*^. &Liu0<jX 
ff7 [78], Mif 7r.jcm< K, dj >Affi3£iiEM 
M(77AMJousselmeiiE{PE^ [75]). 

ISfE/fA, {BiiE®£E^* 

P/ia77ffi3fP7}fii¥AA? 

$45: MiRtI{£M0 = {01,02,03}, f£7 7A 

7 2Xmassg|fe^>S l J A: 

TO i({0i}) = toi({6> 2 }) = m i({0 3 }) = 1/3; 
to 2 ({0i}) = m 2 ({0 2 }) = m 2 ({0 3 }) = 1/3; 

mm # a Mint if , mmao. if n aw a 

%W<%K = 2/3. Mf'S/C— 

A. BBAAJtitMWXfiS^ffW, ATAt^ASW 

^(auto-conflictaKself-conflict) [97] . M 7 j IJ iiH 1/ EE M 

Affij&W^MM7^¥iae7 ffi«5E^AM±M37 

MMft m w m&mmst 

-«e&. 

1fJ6: MiRMM© = {01,02,03}, A7AA 
7 27massj2|f$[75!JM: 

m i({0i}) = ^i({02,03}) = 1/2; m 2 ({0|) = 1. 

^!lf l TOifPTO 2 (S{f^llit)fB]6tl} t t , ^^i[A' = 0, M 
AEE^dyfPWWAO. iA$l5fP$|6A|AP, EE/SAWM 
/EDestercke^fA [98]flri!rp{|7{f X 
feXTW iiEigEE^W 

77t£yi£3A®7# (iXJAL3tWt [98]) . 

m±, MMEE^s^raw 

-JeP^AIA flM7M7m^, £E^773S 
^fEAW^Sdi. 



4.4 a 

A7BBAW[75T;j7ffi}liWffi37A}[iaB&'o\ /Eli 
A#BBA®»}%MM. 
MpignisticW3t$A}£ [4]. 

BetP m (0i) = V m(B)/ \B\ , VBC0 (6) 

‘ •^ui^ri 

AfA, pignisticM7$#l£A/AP77S/liAS:7. 

7aW^MWM$f}&A/AP<jASX7 [5,65,66, 
99-101], {±{±^AmShannon{fm«ff AiiPJ, BP ft 
^jpffSUlfjShannonMMA, 17 

MHWIM, 

}gM7M7Wf£^3ig7{7I}§A^A, 3AM - 

A A ffi fft 0 j§« . A IM AShannonfit Ji. M 7 7- AL (A i¥ IS 

7, 

$19: 0 = (0i,0 2 >, m({0 1 » = 

0.20000001, m({0 2 » = 0.19999999, m({0i,0 2 }) =0.6 
% 0 A X A fit) mass ill ffe . { }g # ,|, 'in M 7 A J§ 0 # 3\ 
P7i7$£#^7M: 

P(0i) = 0.80000001, P(0 2 ) = 0.19999999. 




IS 3 «£fcA 

tP Sl3)7f fK, ttftS Am({0i}) > to({0 2 }), Mb- 

A ft f/lmass® {tm({0i,0 2 }) = 0.6® A h| 5 A 12 tn 

70i, /AM AS:SAtiAjft£n 7 Aj0i. MAIM 7Xf 
70i fP0 2 Mmass® MffiJEW«$i 
fE«A. Hfl:37/}§MiJf{fmMW“7”^^W. 7 
^{A#{tmM7A7i¥17}i7f#^A/A [102], 

5 

iMffi 

7 7 v if m m if , iA m a m % a 7 7 a a m d s m ® a 

fi77AM7if mmmmtfj 

MAAiligaiES^jSAMAlAMJlMMT. 

77, ffi3gat&M7ffifflJSM-#7fcit Wi{ 



X IMP 
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WESI/lHSfi 

sMxm£?wffiaixji, ii^s^^i+^wxji. 

ilEIg iiit Xit^IBBAXlS# |r] ® AM A MX 

ixt®/i»x«#i w 0 ®; 

X^BSI/lJfc (U 6XAM!lAis#)i:£it I'rI a. 
X«£(##J££#ftikMffi)Wftftl«A. St! 
ffiSiiESifiii'feX IhI A Wfi A® 0 t X. 

mx, % 

X j£ iX SI ti ife $5 M i# iM fijf % f & X A. # i£ M 34 M Eft )fS 
®ft®J?f£. fT»I> MftmiMX 
ft ft i£i+ MXMXii#M WM, AUfo Bft X B a^iS: 
i+exm mmMmmmmmmj&xjn&mn 
Aft, X^tXX0fX. 

®JS, Xffit/llfcilS-^Xft^Xittj, 4AM 

fjViUPl'J^XXly, fttXiXtt, 

If l«m MiiEM 

imax x-mmix, MMiiMffcexsma 

M— XUMM WWSfcfr fa. HA A A fa® ifJJifMX 

ixt mmxnmxK 

#XMffi#P# 3\mr-&mmmr, aams-xx# 
fnXsX^IAffBBiXiii'feXAft. 
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